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ABSTRAK

ANALISIS SENTIMEN ACARA CLASH OF CHAMPIONS OLEH

RUANGGURU DENGAN METODE NAIVE BAYES

Perkembangan teknologi informasi telah mengubah cara masyarakat
menyampaikan opini, salah satunya melalui platform X (Twitter), di mana
pengguna dapat menyuarakan pendapat mereka mengenai berbagai isu, termasuk
acara Clash of Champions yang diselenggarakan oleh Ruangguru, sebuah
kompetisi akademik yang mendapat perhatian luas. Penelitian ini bertujuan untuk
menganalisis sentimen pengguna X (Twitter) terhadap acara Clash of Champions
dengan menerapkan metode Naı̈ve Bayes serta mengevaluasi kinerja metode Naı̈ve
Bayes dalam mengklasifikasikan sentimen terhadap acara Clash of Champions
oleh Ruangguru. Data dikumpulkan melalui teknik crawling dengan Google Colab
pada periode Juni hingga November 2024, kemudian diproses dan diklasifikasikan
ke dalam sentimen positif dan negatif menggunakan pembobotan TF-IDF. Hasil
penelitian menunjukkan bahwa mayoritas tanggapan publik tergolong dalam
kategori sentimen positif, yang mengindikasikan respons masyarakat yang baik
terhadap acara tersebut. Model klasifikasi yang dibangun mampu mencapai akurasi
sebesar 89,74%, dengan nilai presisi 91,94%, recall 86,91%, dan f1-score sebesar
89,34%. Temuan ini menunjukkan bahwa metode Naı̈ve Bayes cukup efektif dan
andal dalam melakukan analisis sentimen terhadap opini publik di media sosial.

Kata kunci: Analisis Sentimen, Clash of Champions, Naı̈ve Bayes, Ruangguru,
(X) Twitter.
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ABSTRACT

SENTIMENT ANALYSIS OF CLASH OF CHAMPIONS EVENT BY

RUANGGURU WITH NAIVE BAYES METHOD

The development of information technology has changed the way people
express their opinions, one of which is through the X (Twitter) platform, where
users can voice their opinions on various issues, including the Clash of Champions
event organized by Ruangguru, an academic competition that has received wide
attention. This study aims to analyze the sentiment of X (Twitter) users towards
the Clash of Champions event by applying the Naı̈ve Bayes method and evaluate
the performance of the Naı̈ve Bayes method in classifying the sentiment towards
the Clash of Champions event by Ruangguru. The data was collected through the
technique of crawling with Google Colab in the period of June to November 2024,
then processed and classified into positive and negative sentiments using TF-IDF
weighting. The results showed that the majority of public responses belonged to
the positive sentiment category, indicating a favorable public response to the event.
The classification model built was able to achieve an accuracy of 89.74%, with a
precision value of 91.94%, recall 86.91%, and f1-score of 89.34%. This finding
shows that the Naı̈ve Bayes method is quite effective and reliable in conducting
sentiment analysis of public opinion on social media.

Keywords: Sentiment Analysis, Clash of Champions, Naı̈ve Bayes, Ruangguru,
(X) Twitter.
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