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ABSTRAK

Analisis Sentimen Fenomena Pengibaran Bendera Straw Hat Pirate di
Momen HUT RI ke-80 dengan Menggunakan Support Vector Machine

Fenomena pengibaran bendera Straw Hat Pirate pada peringatan
HUT RI ke-80 memunculkan beragam reaksi publik di media sosial X.
Sebagian masyarakat memaknainya sebagai simbol kebebasan berekspresi
dan kritik sosial, sementara pihak lain menilai tindakan tersebut tidak
pantas karena dianggap mereduksi makna simbol negara. Penelitian ini
bertujuan untuk menganalisis sentimen publik terhadap fenomena tersebut
dengan mengklasifikasikan opini masyarakat ke dalam sentimen positif dan
negatif dan mengetahui performa dari metode klasifikasi yang digunakan.
Metode yang digunakan adalah Support Vector Machine (SVM) dengan
ekstraksi fitur teks berbasis Global Vectors for Word Representation
(GloVe). Data penelitian berupa 2.660 tweet yang dikumpulkan selama
bulan Agustus 2025 melalui proses crawling menggunakan kata kunci
terkait fenomena pengibaran bendera. Tahapan penelitian meliputi
pre-processing teks, pembentukan vektor kata menggunakan GloVe, serta
proses klasifikasi sentimen menggunakan SVM. Validasi model dilakukan
dengan metode K-Fold Cross Validation dan dievaluasi menggunakan
Confusion Matrix berdasarkan metrik akurasi, presisi, recall, dan F1-score.
Hasil penelitian menunjukkan bahwa model SVM dengan fitur GloVe
mampu mengklasifikasikan sentimen publik menghasilkan nilai akurasi
sebesar 0.9708, presisi sebesar 0.9733, recall sebesar 0.9698, dan F1-score
sebesar 0.97154 serta memberikan pemetaan pada sentimen positif
menganggap fenomena tersebut sebagai bentuk kebebasan berekspresi
serta pada sentimen negatif mencerminkan pandangan yang menilai
tindakan tersebut tidak pantas.
Kata kunci: Analisis Sentimen, GloVe, Media Sosial X, Straw Hat Pirate,
Support Vector Machine.
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ABSTRACT

Sentiment Analysis of the Straw Hat Pirate Flag Hoisting Phenomenon
During the 80th Anniversary of Indonesian Independence Day Using

Support Vector Machine

The phenomenon of hoisting the Straw Hat Pirate flag during the
commemoration of the 80th Anniversary of Indonesian Independence Day
has sparked diverse public reactions on social media platform X. Some
members of society interpret it as a symbol of freedom of expression and
social criticism, while others consider the action inappropriate as it is
perceived to reduce the meaning of national symbols. This study aims to
analyze public sentiment toward this phenomenon by classifying public
opinion into positive and negative sentiments and to determine the
performance of the classification method used. The method employed is
Support Vector Machine (SVM) with text feature extraction based on
Global Vectors for Word Representation (GloVe). The research data
consists of 2,660 tweets collected during August 2025 through a crawling
process using keywords related to the flag-hoisting phenomenon. The
research stages include text pre-processing, word vector formation using
GloVe, and sentiment classification using SVM. Model validation was
conducted using the K-Fold Cross Validation method and evaluated using
Confusion Matrix based on accuracy, precision, recall, and F1-score
metrics. The research results demonstrate that the SVM model with GloVe
features is capable of classifying public sentiment, achieving an accuracy
value of 0.9708, precision of 0.9733, recall of 0.9698, and F1-score of
0.97154, while providing a mapping where positive sentiment regards the
phenomenon as a form of freedom of expression and negative sentiment
reflects views that consider the action inappropriate.

Keywords: GloVe, Sentiment Analysis, Social Media X, Straw Hat Pirate,
Support Vector Machine.
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