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ABSTRAK 

KLASIFIKASI SENTIMEN ULASAN GENSHIN IMPACT  

BERBAHASA INDONESIA DI GOOGLE PLAY STORE  

BERBASIS INDOBERT-LSTM 

Oleh:  

Raden Roro Dalilati Nabilah Karamina 

Pertumbuhan industri game mobile menjadikan analisis sentimen ulasan pengguna 

sebagai kebutuhan strategis bagi developer dalam memahami persepsi komunitas. 

Penelitian ini bertujuan mengevaluasi performa model IndoBERT-LSTM dalam 

mengklasifikasikan sentimen ulasan pengguna game Genshin Impact berbahasa 

Indonesia, membandingkan kinerjanya dengan IndoBERT standar, serta 

mengidentifikasi distribusi sentimen dan topik permasalahan dominan berdasarkan 

hasil klasifikasi model terbaik. Data yang digunakan bersumber dari 1.698 ulasan 

pengguna Genshin Impact di Google Play Store periode Desember 2024 hingga 

Juni 2025 yang diperoleh melalui Kaggle.com. Penelitian ini menerapkan empat 

skenario eksperimen, yaitu IndoBERT dan IndoBERT-LSTM, masing-masing 

dengan dan tanpa strategi Class weighting, yang dijalankan dengan dua variasi 

batch size sebesar 16 dan 32. Hasil evaluasi menunjukkan bahwa IndoBERT-LSTM 

dengan Class weighting pada batch size 32 merupakan konfigurasi terbaik dengan 

Macro Average F1-Score sebesar 66% dan Recall kelas netral tertinggi sebesar 

37%. Meskipun IndoBERT standar mencatatkan akurasi global tertinggi sebesar 

80%, keunggulan tersebut disebabkan oleh bias terhadap kelas mayoritas akibat 

ketiadaan penanganan imbalanced data. Hasil analisis sentimen menunjukkan 

distribusi 56,8% sentimen positif, 27,9% negatif, dan 15,3% netral, dengan topik 

permasalahan utama meliputi ketidaksesuaian spesifikasi perangkat, masalah teknis 

pasca pembaruan, dan sistem gacha yang dianggap predatory. Penelitian ini 

membuktikan bahwa kombinasi IndoBERT-LSTM dengan Class weighting 

merupakan pendekatan yang lebih adil dan representatif untuk analisis sentimen 

ulasan game berbahasa Indonesia pada data yang tidak seimbang. 

Kata kunci: Analisis Sentimen, Genshin Impact, IndoBERT-LSTM, Class 

weighting, Natural Language Processing, Imbalanced Dataset 
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ABSTRACT 

SENTIMENT CLASSIFICATION OF GENSHIN IMPACT REVIEWS IN 

INDONESIAN ON GOOGLE PLAY STORE BASED ON INDOBERT-LSTM 

By: 

Raden Roro Dalilati Nabilah Karamina 

The growth of the mobile gaming industry has made user review sentiment analysis 

a strategic necessity for developers seeking to understand community perceptions. 

This study aims to evaluate the performance of the IndoBERT-LSTM model in 

classifying sentiment from Indonesian-language user reviews of Genshin Impact, 

compare its performance with standard IndoBERT, and identify sentiment 

distribution and dominant issue topics. The dataset consists of 1,698 user reviews 

from the Google Play Store between December 2024 and June 2025, obtained 

through Kaggle.com. This study implements four experimental scenarios 

comprising IndoBERT and IndoBERT-LSTM, each with and without Class 

weighting, executed with batch sizes of 16 and 32. Results indicate that IndoBERT-

LSTM with Class weighting at batch size 32 is the optimal configuration, achieving 

a Macro Average F1-Score of 66% and the highest neutral class Recall of 37%. 

Although standard IndoBERT recorded the highest global accuracy of 80%, this 

was attributed to majority class bias from the absence of imbalanced data handling. 

Sentiment analysis using the best model reveals a distribution of 56.8% positive, 

27.9% negative, and 15.3% neutral sentiments, with primary complaints centered 

on device specification incompatibility, post-update technical issues, and the 

predatory gacha monetization system. This study demonstrates that IndoBERT-

LSTM combined with Class weighting represents a fairer and more representative 

approach for sentiment analysis of Indonesian-language game reviews on 

imbalanced datasets. 

Keywords: Sentiment Analysis, Genshin Impact, IndoBERT-LSTM, Class 

weighting, Natural Language Processing, Imbalanced Dataset 
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